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3- Deep Artificial Neural Networks
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2- Network Representation Learning
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4- Dense Convolutional Neural Networks
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6- Residual neural networks
7- Shortcut Connection
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DenseNet-LP’s Pseudo-code

ConectionStatus:

1 Nodes[] nodes;

5 for node in nodes:

6 RVs[node] = node2vec (node) ;

8 for node in SGs.nodes () :

11 for nodel in SSGs:
12 for node2 in SSGs:
13 if (nodel == node2):

14 countinue;

Precondition: K: The number of matrix dimensions,

is true if the two nodes are connected.

2 SubGraphes <node, nighbornodes>[] SGs;

3 SortedSubGraphes <node, nighbornodes>|]

4 RepresentationVectors<node, Vector>[]

7 SGs[node] = extractsubgraph (node, K));

9 matrix = AdjacencyMatrix (SGs[nodel) ;

10 SSGs[node] = SortByLikelyHood (matrix, RVs.GetSubNodes (SGs[nodel));

15 model. train (nodel, node2, conectionstatus);

SSGs;

RVs;
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