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1- Object Recognition
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3- Dynamic Programming
4- Scale-invariant Feature Transformation (SIFT)
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2- Shape Context
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6- Kernel Principal Components Analysis
7- Kernel Fisher Discriminant Analysis
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5- Conformal Vortex Induced Flow Based Shape Descriptor
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8- Nearest Neighbor
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10- Vectorization
11-Feature Vector
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9- Sum of Square Distances (SSD)
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12- Unsupervised
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13- Closest Matching
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1- Height Function

2- Height Function and Shape Complexity

3- Discrete Cosine Transformation and Height Functions
4- Aspect Shape Context

5- Thine Plate Spline and Shape Context

6-Inner Distance Shape Context
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