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3- Recall
4- Precision
5- Intersection Over Union (loU)
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1- Magnetic Resonance Imaging (MRI)
2- convolution
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9- Necrotic and non-enhancing tumor core
10- Enhancing Tumor
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6-Convolutional Neural Networks (CNNs)
7-Decision Tree (DT)
8- Support Vector Machine (SVM)
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13-Edema
14-Generative
15-Discriminative
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11- High Grade Glioma (HGG8
12- Low Grade Glioma (LGG)
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17- Isensee
18-Kamnitsas
19-Wang
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20-Encoding

21-Decoding

22-Max Pooling

23-Rectified Linear Unit (ReLU)
24-Batch-Normalization (BN)
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Conv2D + BN + RelLU (3*3 ¢«64) 240*240%64
Conv2D (3*3 «64) 240%240%64 © ‘
onv 3
(2) o !
Conv2D (1*1 «64) 240*240%64 o \
Concatenation - 240*240%128 - -
Max-Pooling (2*2) 120*120*128 - -
Conv2D + BN + RelLU (3*3¢128) 120*120*128
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(3) Conv2D (1*1 <64) 120*120*64 o \
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(5) Conv2D + BN + RelU (3*3.512) 30%30*512 o
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(6) Conv2D (1*1 <64) 60*60*64 RIS \
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25- Soft-Max
26- Categorical cross entropy
27- Adam
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29-Python
30-Keras
31-Dropout
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