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1- Neocortex
2- Cortical columns
3- Minicolumn

4- Receptive field
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2- Subcortical

3- Entorhinal cortex

4- Frame of reference

5- Grid cells

6- Grossberg

7- Hawkins

8- Adaptive Resonance Theory

9- Laminar Adaptive Resonance Theory
10- Cognitive neuroscience

11- consciousness
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1- Sensorimotor
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- Sparse
- Place cells
- Navigation cells

- Head-direction cells
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- Border cells
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1- Theory of A Thousand Brains
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1- Pyramidal neurons
2- Proximal
3- Distal
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1- Basal

2- Apical

3- Feedforward
4- Backward



Y

© A
82009 @ ®
S5 &Y Y
©)
S 85003

G0 Jae gl o 68, H84 HBa ke 10 USS
slaelL([V] 5 G8S5) Sae LA &k Lk
A s ledls) JED) il 3 daias Las

k-winner-take- S g5l SeSas 5 (i) 50l wslys LG
slaciand 51 0 x 0 slaplhd janiss & Lo all
© S5 ol ) come o sl lA
Sinbesl ol oo lagl  ad suls fadny Jae (lea
Il 4 ool usad doad 5 Gy € wols plas
e sladae gl Glea 385 S (slaplls )
oSl sladas 5 T AESHL uae lasia
Lol Jue 51 Scduas (Slye 4 Vysae—tdiged Guile
ool 3 Jeals o8 Jla ool b [VA] 9S e Jac
9 oedle oSuly SdS sladas b (ligas Jao
s ol Bl e sias puac lacos
Olsie a3 (as oEas 51 s (A 558 58 Tnal
SN € wilsals a1 Y osiw 580l lais
P lad 4 Gy 6580k 5 Aslums slagsss
Ol oa S e s uae ol 5o
Gl slaciand 5 lapld QAT slats «3uia3
G b o pbie (JSoa (PHolal Cjse 4 syseas
slaglhas dlos plhadaul cga sl 555 2 o
6oL Jao bl y Gy onl o G585S 5y g
SBale plsee v dals Sl pbhol Sou o
oS Saaie ¥ B Y slawY Lo |, Jus

4,1 Jae

- Recurrent neural networks
- Instance-based
- Columnar Learning Networks

- Spiking neurons
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- Spike-Timing Dependent Plasticity (STDP)
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1- Convolutional neural network
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4- Transformers

5- Self-supervised learning
6- Overfitting

7- Bias
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1- Balanced network
2- Lateral inhibition

3- Neuromophic chips
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1- Multi-tasking
2- Catastrophic forgetting

3- Continual learning
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