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1- convolution

2- Nonuniform lllumination
3- Absorption

4- Turbid

5- Light Scattering

6- Artificial Lighting

7- Color Change

8- Contrast
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12- Peak signal-to-noise ratio
13- Structural similarity index measure
14- Mean squared error
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10- Confidence map
11- Gamma Correction
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19- Dark Channel Prior
20- Attenuation

21- Frequency domain
22- Spatial domain

23- Color Constancy
24- Fusion

25- Deep learning
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15- Optical Imaging-Base

16- Polarization Characteristics
17- Prior Knowledge-Base

18- Deconvolution
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26- Histogram Equalization
27- Retinex
28- White Balance
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