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1- Learnable Evolution Model
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2- Jorgensen and Shepperd
3- Sternberg
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8- City block distance
9- K Nearest Neighbors
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4- Historical database
5- Similarity function
6- K-nearest neighbors
7- Solution function
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12- Wen etal.

13- Auer et al.
14- Azzeh et al.
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10- Closet analogy
11- Inverse distance Weighted Mean
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Similarity k Solution Training Set Testing Set
MMRE PRED MdMRE MMRE PRED MdMRE

K=1 CA 0.25 0.56 0.16 0.34 0.50 0.26
K=2 mean 0.41 0.47 0.40 0.40 0.48 0.39
K=3 mean 0.39 0.43 0.38 0.37 0.46 0.38
m median 0.24 0.55 0.17 0.31 0.50 0.25
2 K=4 mean 0.24 0.55 0.17 0.21 0.60 0.15
§ median 0.28 0.50 0.21 0.27 0.51 0.20
> K=5 mean 0.24 0.55 0.17 0.26 0.50 0.20
median 0.42 0.21 0.50 0.46 0.21 0.54
0.23 0.57 0.12 0.21 0.61 0.12

K=1 median
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0.54 0.6 0.30 0.55 0.68 0.31
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