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3- homogeneous
4- heterogeneous
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1- transfer learning
2- domain adaptation
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9- Maximum Mean Discrepancy
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5- marginal distribution
6- conditional distribution
7- semi-supervised

8- unsupervised
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13- Adaptation Regularization for Transfer Learning
14- Support Vector Machine

15- Probability Neural Network

16- Gaussian Mixture Model

17- Maximum Entropy

18- Bag of Words

19- Relational Adaptive bootstraPping
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10- landmark
11- Joint Domain Adaptation
12- Geodesic Flow Kernel
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22- adaptation loss
23- linear combination of (Chi2),(CMD),(EMD),(MKL)

20- Domain Adaptation Manifold Alignment
21- Heterogeneous Defect Prediction
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24- statistic of Pearson’s X2 test
25- Earth Mover’s Distance

26- Mean Kullback-Leibler

27- Central Moment Discrepancy
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