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1- Name Entity Recognition (NER)
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5- Long short-term memory networks (LSTM)
6- Conditional Random Field (CRF)
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2- Information Extraction

3- Question Answering
4- Text Categorization




Oy, g5 -Y
oAl o) g 5o sa—d ) slagl g, (S s
pel Lol s 4w 0 I S 1 panal slacis sa 50
sladas lsme b Jol hns slagig, =V 0 S gas
3 Sabd oL sla S5 ol soliiad L L) 4 Gl
ol slacus o 5o pend 5 4 Ll i slasia 8
o ol 59 4388 alas) sl lS alaa 31 a3l pe
Shase K 5 Lag T Seolnl gy 5 cnl LIS @ Ol e
o 4 48 WS sulii) ad (glosans)y sialad bt
Lo S35 cnl it 6Ll ol e slads s sla S5
DN b go oAl Sl el 5 s slasols 3l
b Baliad (o Glase S5 51 50 GoKes 5 G gesly
50a0E pldl e Kia i g (Ol sla S5 6l ren 4
Oty daanslio 4 50 &g 5 il [V V] o g suldil
5 BIEALS 5y ol LA 5o 0 oIS (6l 5s 9 S,
OSilis g s S soliial Ll usa sud oyl Juo
DY) w5l oo shise SleMl (55 5] pan 5 susds sy
LS sladas plsie b a oo s slalis, Y

soore Alids guae ladh 5 ) aS W ua uac
1o S o suliinal ambs 015 GBSl g 855 o s
Ol e Sl S 5 LR 5 ooaslsS B
LY S5 ol yan o alalS (glajls s 5l gldlin (555 —
OKaa s Kila [V6] au S sulsi ol T 555 53 CRF
I, CRF 4¥ Sy ol 508 4 LSTM seme slaeSs 3 Jus
OIS o soliinl olalS el sla S55 5 51 4S casols &)
9 38 salii] ol (Juo 5l 50 lSea 5 55 [V0]
Slosls Gaalad line G o s il L1 o
s St sladas o g s slagi s, -V V1]
SLalS (slaslas 5 agT 5o o€ sl alh ds 55 5 e
soldinul ilias ouae gladSa i slaga g,y lsess
clsl sl el (gl (slagtolas 31 saliiel .o s o
S e gl ot slas ll8aa 5 ol S b 53 5L

7- gazetteers
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9-Term

10-Context
11-Forward LSTM
12-Backward LSTM
13-Bidirectional LSTM
14-Feature
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8- Recurrent neural networks (RNNs)
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16-Label
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15-Conditional Random Field
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18-Aggregative Word Representation (AWR)
19-Character Level Word Embedding
20-Pre trained Word Embedding

21- Syntactical Word Embedding

22-Word Representation

23-Word Embedding
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31- Part-Of-Speech Tagging
32- One hot vector
33- Dependency-Based Word Embedding
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27- Stanford’s GloVe Embedding: http://nlp.stanford.edu/projects/
glove/

28- Google’s word2vec Embeddings: https://code.google.com/p/
word2vec/

29- Dependency Roles

30- Word Position Embedding
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|| Algorithm: Aggregative Word Representation (AWR)

Input: Sentence
Normalization (Sentence)
Tokenization (Sentence)

for every word in Sentence do

CLWE = Bi-LSTM (word)

PWE = Lookup-Table (word)

SWE = Syntactical-function (word)
end for
AWE = compute-vector (CLWE, PWE, SWE)
Output: AWE
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36- Accuracy
37- Precision
38- Recall
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35- Stochastic gradient descent (SGD)
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40-Word Net clusters
41-Brown clusters
42-Freebase
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