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11- Deep Belief Network (DBN)

12- Convolutional Neural Network (CNN)
13- Image Processing

14- systematic literature review (SLR)
15- Institute of Electrical and Electronics Engineers (IEEE)
16- Springer

17- Elsevier

18- ScienceDirect

19- Google Scholar

20- Natural

21- Pride
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1- Disgust

2- Fear

3-Joy

4- Surprise

5- Sadness

6- Anger

7- Facial Expressions Recognition (FER)
8- Feature Extraction

9- Classification

10- Neural Network (NN)
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23- Quality Labeled Faces in the Wild (QLFW)
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22- Facial Emotion Recognition (FER)
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32- Benchmark

33- Cohn-Kanade Dataset (CK+)

34- Compound Emotion (CE)

35- Denver Intensity of Spontaneous Facial Action (DISFA)

36- Karolinska Directed Emotional Face (KDEF)

37- Binghamton-Pittsburgh 3D Dynamic Spontaneous (BP4D-Spon-
taneous)

38- Binghamton University 3D Facial Expression (BU-3DEF)

39- Japanese Female Facial Expressions (JAFFE)

40- Occlusion
41- lllumination
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24- Contempt

25- Embarrass

26- Frustrated

27- Sorry

28- Excited

29- Mad

30- Computer Vision
31- Pattern Recognition
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42- DCT Normalization

43- Histogram Equalization
44- Translation

45- Rotation

46- Scaling
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1-http://www.consortium.ri.cmu.edu/ckagree/
3-http://mohammadmahoor.com/disfa/

5-http://www.cs.binghamton.edu/~lijun/Research/3DFE/3DFE_Analysis.html
6-http://www.cs.binghamton.edu/~lijun/Research/3DFE/3DFE_Analysis.html
7-http://vision.ucsd.edu/content/extended-yale-face-database-b-b
9-https://mmifacedb.eu/

8-http://www.kasrl.org/jaffe.html

2-http://cbcsl.ece.ohio-state.edu/dbform_compound.html
4-https://www.emotionlab.se/kdef/
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47- FaceReader
48- https://iranapps.ir/app/ir.rooyan.rokhsar
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51- AdaBoost
52- Support Vector Machine (SVM)
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49- https://azure.microsoft.com/en-us/services/cognitive-services/
face/

50- https://www.noldus.com/human-behavior-research/products/
facereader
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66- Sequence

67- Pyramid Histogram of Oriented Gradient (PHOG)

68- Local Phase Quantization (LPQ)

69- Landmark location

70- Landmark distance

71- Gabor Filter

72- two-Dimension Discrete Cosine Transform (2D-DCT)

73- Local Binary Pattern (LBP)
74- Histograms of Oriented Gradients (HOG)

Juo & holiad Jin o pgn (Siun 5y 438 pliny
5o (PBolial (lase SJlad salls Jao 2l S
ol sadisals s N Jad o s S
o Bl S g Zlpsiaml .V-Y

Aol b 0T 5o S el a3 (S3as gloasl
SS9 5ok LA S3ns sl (550 3 (Slalee
Cacsl Ol (S50 glodicl (Bua 5 o (adidis ()]
OE5la 5 8 (s BeulEil LB S als slasols S
slad S (S5 gloail (e slagis, e
faiag po oBlSS SIS alal b (sldd S 4 ) gamsiin
Lasuls olas) (aalS aias oo JS 831, (S35 Hlas
1o sl 53 513 (sla (S35 alaad 3 S S ae
il AL slaggaisdios (S5 glhaiwl glagiy,
2 e e s (e b Tsalls Jue e (S
Tl b TGl 5y e s T lae b oo sae sla S50
) sl |

Cotin JX5 5y (See b g8l Jue s (S (S
2 2l 5l oAl Jus s (ue slaghs, 9 ie
S0 5o L il Sl €S 0 5o soliiead s g ils s,
5 i olas i e s a3l pemli CianS 555 2
2 e slagiss o s s Jleel s g S o 2 b
s sl e laals 5l (K55 lhaiul (61 awnia
ALl Landtin o Aleals Jlie sty 10 st o sulii ol
oot 5 s B i ALali a0

LS5 iae b (o sae LA S35 2 (e
sla S35 5 os—a 4al SO oledbl o sac

..\Iasudo C‘J';L'“‘ LRVEN .\cﬁhd‘)y (SLAC_M.H:Q :)‘ L;"'M

53- Facial Saliency Map (FSM)

54- Random Forests (RF)

55- Active Shape Model (ASM)

56- Active Appearance Model (AAM)
57- Conditional Random Fields (CRF)
58- Linear Regression

59- Appearance Model

60- Geometric

61- Global Feature

62- Local Feature

63- Static

64- Dynamic

65- Region of Interested (ROI)
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75- Principal Component Analysis (PCA)
76- Shape
77- Texture
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80- Auto-encoder

81- Bayesian Network Classifiers (BNC)
82- K-Nearest Neighbors (KNN)

83- Recurrent Neural Network (RNN)
84- Kernel Regression

85- Long Short-term Memory (LSTM)
86- Particle Filter
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78- Magnitude Gradient
79- Direction Gradient
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89- Convolutional Layer
90- Pooling Layer

87- Aggressive
88- Supervised Learning
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97- Feed forward

98- Back Propagation
99- Loss Function
100- Chain Rule

101- Unsupervised
102- Back Propagation

91- Fully Connected Layer
92- Feature Map

93- Convolve

94- Kernel

95- Max Pooling

96- Average Pooling
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107- Accuracy
108- Recall
109- Precision
110- F-Measure
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103- Deep Auto-encoder
104- Encoder

105- Decoder

106- Unlabeled
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