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1-Network sampling
2-Network partitioning
3-Anomaly detection
4-Influence Maximization
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1 spread=0

2 repeat:

3 1« False t: Has The Propagation Ended?
4 A—A4dp  A:Active Nodes

5 B—A B: the set of nodes activated

6 while not t do

7 nextB « @,

8 for eachn € B do

9 for each neighbour m of n , where m & A, do
10 with probability Aij, add m to nextB
11 B «nextB

12 A—AUB

13 if B is empty then

14 T« True

15 Spread. Append(Len(A))

16  until MC

17 return mean(Spread)
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1 InitializationPopulation ()

2 CreatelnitialPopulation ()
3 Evaluate ()

4 repeat

5 Select Parents ()

6 Crossover ()

7 Mutation ()

8 Replacement ()

9 Evaluate ()

10 Elitism ()

11 until Number of Generations
12 return Best Solution
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15-Optimal Pareto front
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