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4-Federated Transfer Reinforcement Learning
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Algorithm 1: Proposed Algorithm

Server executes:

Input: parameters 1, T,7, Wc,p=,11, C,Model , E, A
Output: well-trained w

1: initial global model with we

2:foreachround ¢ = 1,2, ...T do:

3: 5. = (random set of C clients with probability of p;)
4: for each k £ 5, in parallel do:
5: g, Ef = Clientupdate (i, w")

R 2 R S :‘
6: wtl=wt—p. 3k gf
end for
end for

ClientUpdate (1, w®):

1: for each local epoch j from 1 to E do:
22 wi=wi-Lgf

end for

3 wi=w'

4: return gf , Ef to server
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