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8-Attribute
9-Adaptability
10-Community detection
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1-Marine objects
2-Classification
3-Supervised learning
4-Labeled Data set
5-Clustering
6-Unsupervised learning
7-Relations
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12-Adjacency matrix
13-Social Network Analysis
14-Interactions
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11-Similarity
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16-Modularity
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15-Quality function
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19-Raw audio

20-Spectrogram

21-Deterministic methods
22-Oceanography

23-Sonar modeling

24-Signal-to-Noise Ratio

25-Multi-path of sound propagation
26-Underwater sound classification
27-Underwater Acoustic Target Recognition
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17-Classic underwater vessel sound classification
18-Sonar operator
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37-Signal intensity
38-Reflection angles

39-Linear Regression
40-Logistic Regression
41-Multi Layer Perceptron
42-Hybrid Dragonfly Algorithm
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28-Support Vector Machine

29-Individual features

30-Multidimensional features

31-Multiple features

32-Refined Composite Multi-scale Dispersion Entropy
33-K-Nearest Neighbors

34-Target recognition

35-Underwater signals

36-Intrinsic Mode Function
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50-Unseen samples

51-Stable

52-Gated Recurrent Units
53-Fine-grained

54-Acoustic Spectrograms
55-Recurrent Neural Networks
56-Data augmentation
57-Generative Adversarial Network
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43-Performance degradation
44-Representation and generalization capability
45-Accuracy

46-Areas with high reverberations

47-Deep Neural Networks

48-Hierarchical features

49-High-level information
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70-Multi-branch backbone networks
71-Convolutional Attention modules
72-Encoder Decoder

73-Learnable Front-End

74-Cognitive system

75-Multi-Scale Residual Deep Neural network
76-Synchronous training mechanism
77-Benchmark
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58-Convolutional Neural Network
59-Accuracy

60-Depth-Wise convolution
61-Multi-branch

62-Line spectral pair

63-Marine biological sounds
64-Real-time

65-Lightweight

66-Robust

67-Attention-based mechanism
68-Channel Attention mechanism
69-Temporal Attention mechanism
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78-Spatial Attention

79-Transformer

80-Tokenization

81-Acoustic Mel-spectrograms
82-Multi-Head Self-Attention
83-Audio Spectrogram Transformer
84-Spectrogram Transformer Model
85-Shifted windows
86-Time-Frequency Swin Transformer
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88-Linear Predictive Coding

89-Signal Statistics

90-Signal Histogram Statistics

91-Mel Frequency Cepstral Coefficients
92-Discrete Cosine Transform
93-Principal Component Analysis
94-Spectral Statistics

95-Spectral Histogram Statistics
96-Wavelet Transform
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97-Stationary
98-Statistics
99-Skewness
100-Kurtosis
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101-Spectral roll-off
102-Spectral centroid
103-Band energy ratio
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104-2-D correlation coefficient
105-MATLAB
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