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3-Transformer
4-Large language model (LLM)
5-Generative Al
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1-Bionics
2-Cybernetics
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7-Generative artificial intelligence
8-Oaradigm
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6-Graphics processing unit (GPU)
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9-Machine Learning
10-Deep Learning
11-Natural language processing (NLP)
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13-Travelling salesman problem (TSP)
14-Genetic algorithm
15-Ant colony optimization algorithms (ACO)
16-brute-force

17-Dynamic programming

18-Knapsack problem

19-Particle swarm optimization (PSO)
20-Set cover problem

21-Greedy algorithm

22-Tabu search

23-Simulated annealing (SA)
24-Vehicle routing problem (VRP)
25-Branch and bound

26-Variable Neighborhood Search
27-Column Generation
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12-NP-Hard Problem
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28-Supervised Learning
29-Unsupervised Learning
30-Reinforcement Learning
31-Decision tree

32-Task

33-Support vector machine (SVM)
34-Artificial Neural Networks (ANN)
35-k-means clustering

36-Input Layer
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37-Hidden Layer
38-Output Layer
39-Feedforward neural network (FNN)

40-Convolutional neural network (CNN)
41-Recurrent neural network (RNN)
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Fine-Tuning
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45-Bidirectional Encoder Representations from Transformers (BERT)
46-T5
47-Large Language Model Meta Al (LLaMA)
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42-Deep Neural Networks (DNN)
43-Generative Adversarial Networks
44-Trade of
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65-Generation
66-Dall-E
67-Stable Diffusion
68-JSON/XML
69-Nvidia-H200
70-Vaswani

48-Few-Shot
49-Prompt

50-Byte-pair encoding (BPE)

51-Noise
52-word2vec
53-Embedding
54-Pretraining

55-Long Range (LoRa)

56-Fine-Tuning

57-Retrieval-augmented generation (RAG)

58-Retrieval
59-Quantization
60-Inference
61-Beam Search
62-Perplexity (PPL)

63-Application Programming Interface (API)

64-Deployment
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73-DeepSeek
74-ASML
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71-Self-attention
72-Backbone
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77-A* search algorithm

78-Global Positioning System (GPS)
79-Minimax

80-Decision tree
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84-FAISS
85-Context aware
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92-Artificial bee colony algorithm (ABC)
93-Grey Wolf Optimization (GWO)
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86-Density Based Spatial Clustering of Applications with Noise
(DBSCAN)

87-Apriori

88-Linear Discriminant Analysis (LDA)

89-You Only Look Once (YoLo)

90-Deep Q-Network

91-Proximal Policy Optimization (PPO)
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100-IWO

101-Lion Optimization Algorithm
102-Tensorflow

103-PyTorch
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94-BAT Algorithm (BA)

95-Echolocation

96-Butterfly Optimization Algorithm (BOA)
97-Whale Optimization Algorithm (WOA)
98-Firefly algorithm (FA)

99-Imperialist competitive algorithm (ICA)
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105-Tensor Processing Unit (TPU)
106-Miluus

KRy S duzeny . _ .
N ‘{ L | oo seo s | Al Jo 359, | ks pesdl ol
Folyly
b ylyly 5
C ,, e b olsT 0559 . &
&) bagio | (FlaS § G3ludiot M‘S; S °£;:| i 3951
(G (bl | (2lhbguipley | 7, 5 ebolis Sy
bsgio gl o
. . «(TSP) (2l yomno owijlw 9 559 . e
725 f’“”"; il ppmass | oiled b Jlois| ""l‘;fs" '
e s | s | S
9.4-0
. K Gty [ b Gomimr|
wslfitib,g S0l galSools | LB S ,L8) s |27 w95
o ool (Sopliny Jous
f o Al _ o _
e slopelily | ol gilwaie | U S e
Obwl adiid (o8 | J 508 «yud  cwdige ‘;H:";ﬁ G S >
syl
bags . ‘ e LS 3 -
T ]l gilea i P el
Ol (oils 3 b e bl oSl Jgo! s
ki gy - “ Sy
Lsgio
S s ol )y ECIPRPICEINS _
{;Z i sl 3lseins S ‘5_,‘_.\_,]; 95!
‘h““w (S, (e ‘?.}Lma ‘;“5)"’ 4"‘5}‘\~
Silwan
Sl s yelyly | Sl g5lwaionge S8 Jo o PSPl
QL»J w.Ja.o S éw).’/ 9 (WMo w,ol:uo) “i"Q" hf*éﬁ
(cicle
& ol . e (§ R _
by gluaingg| ST 5 0 oS
i’ L g e 9629 P>y o
. L L) Sl e Sl
Ja.ws.a.o éébﬁa JP
bl gy
S S yelyl | omas aSh Ghigel | e oleln | ey
Obwl pulisd S5 g 3lwdine 9B as | whdel>osl
[Cand
. 3,59, . e
syl . . PSSSTAS
i sy | SRR L | owlibanol e
b cbasgo olasdl oyl |egldy U)o b =2
Ja.m,.a.o . ‘S)Lol.}'.w‘
L5595 ol
b ol o — bl 0,5 . .
SoRE s ol ot | TR ) s
i’ L g PRt ) S 58leS LS
Luwgio : N 2y (SasSly *
& ol ) )
‘f. ’:jw golail (g 3lwdiaty | 59 g 3,59, s i 355
s Lagio &b pmass o sleols>

104-Socio- political
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116-Long short-term memory(LSTM)
117-Graph neural networks (GNN)
118-Extreme Gradient Boosting
119-Prophet
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107-K-Means

108-PCA

109-Generative Adversarial Networks (GANs)

110-Prolog

111-CLIPS

112-Datalog

113-Non-dominated Sorting Genetic Algorithm (NSGA-II)
114-DeepProLog

115-LTN
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124-MPT

125-AlphaGo Algorithm
126-VQ-VAE

127-Codex

120-Inception-v3

121-MobileNet

122-Autoencoder

123-Singular value decomposition (SVD)
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