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2-Automated Machine Learning
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9-Naive Bayes

10-Random Forest

11-Synthetic Minority Oversampling Technique
12-Hyperparameters

5-Accuracy
6-F1-Score

7-Recall

8-Area Under Curve
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17-Ensemble Learning
18-Gradient Boosting
19-Decision Tree
20-AdaBoost
21-K-Nearest Neighbors
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13-Random Search

14-Support vector machine (SVM)
15-Logistic Regression

16-Neural Network
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25-BAT Algorithm
26-Sparrow Search
27-Squirrel Search
28-CNN

29-Wolf Pack Algorithm
30-Artificial Bee Colony
31-Metaheuristic
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